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Restricted and Repetitive Behaviors

2) ADOS-2 footage was collected using off-the-shelf 2D cameras and Tobii Pro Glasses 2 worn by the examiner.
(e.g., Gestures)

3) Argus MDS was used to analyze the footage, automatically identifying patients, analyzing their vocalizations, eye movements, facial expressions, and body pose.

4)  Based on discriminative power between the NDD participants and TD controls, 32 features were selected by Research-reliable ADOS-2 raters, from a total of 143 estimated
variables (Table 2).

5 The identified features’ importance to predict ADOS-2 CSS was evaluated using a hill climbing algorithm combined with a leave-one-out cross-validation and regression
analysis.

6) Four types of regression models (random forest, support vector regressor, K-NN, linear regression) were trained to predict ADOS-2 CSS.
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